capital bikeshare

Revealing Bikeshare Business Insights, Enhanced by Weather, Timing, and Seasons

by Preston Conner



Introduction

In this report, | present a comprehensive analysis of the rental records of Capital Bikeshare using
Python. The data set comprises of diverse attributes, spanning from seasonal dynamics and weather
conditions to user engagement metrics. These variables encapsulate factors such as climate, time of day,
and user interactions, collectively forming a comprehensive foundation for unraveling bike sharing consumer
behavior. In essence, the primary objective of this project is to derive actionable business insights from real-
world data. By dissecting the dataset, | aim to uncover patterns, trends, and correlations that inform strategic

decisions and contribute to business intelligence.



Key Findings

= Robust and direct relationship between temperature and peak demand period

k= Pinpointed the middle months as peak demand period

= Positive correlation between temperature and daily rentals for Spring, Summer, and Winter
= Fall showed no significant impact, but did have the least statistical significance

= Weather is crucial in rental patterns as clear/cloudy weather held surges but dropped when rain was present

= 20% of users were casual users, with the majority being registered users



Actionable Recommendations

.. Seasonal Campaigns/Promotions:
Implement targeted promotions during the middle months (Spring and Summer) when peak demands
aligns with favorable weather. Offer special rates, extended rental times, or packages to attract more
ridership.

=\Weather-based Strategies:
Develop dynamic pricing based on weather conditions. Increase rates on clear/cloudy days when demand
is high and offer discounts on rainy days to maintain ridership during adverse weather

= User Engagement and Conversion:
Focus on converting casual users to registered users. Offer incentives for casual users to register, such
as exclusive discounts or access. Registered users are known to use the service more frequently.



Long Term Vision

== Adaptive Demand-based Pricing:
Implement an Al-powered demand-responsive pricing model. This model would dynamically adjust
rates based not only on weather conditions but also on historical demand patterns, enabling the system
to predict and optimize pricing for various scenarios

= While this will require a lot of data and engineering to upstart, long term not only will this
model fine-tune revenue generation but also provide a personalized experience for
riders. This will boost customer satisfaction while also simultaneously optimizing revenue
through price discrimination



Visualizations

Relationship between Daily Rentals and Months Relationship between Daily Rentals and Seasons
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Visualizations

Weather Situation Key
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Visualizations
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Visualizations

Percentage Breakdown of Casual and Registered Users by Month
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Technical Detalls

Python Code and ReadMe File:
https://github.com/Conner51/Data-Analysis



https://github.com/Conner51/Data-Analysis
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